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1) Attention modulation  

         of sensory signals 

         in macaque V4 

 

2)  A spiking network  

         model of V4 and 

         its predictions 

 

3) Marmosets as a  

         model for visual  

         neuroscience? 
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- spiking neurons 

- strong recurrent connections 
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- slower NMDA currents  
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                                                                                                   Churchland et al, 2009) 
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Sensory input reduces ongoing activity    (Smith & Kohn, 2008; 

                                                                                                   Churchland et al, 2009) 
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t  dV/dt   =           gFF (EFF -V) +    gREC (EREC -V) 

Reductions in spontaneous fluctuations are due 

to conductance clamping, not rate increases. 
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t  dV/dt   =           gFF (EFF -V) +    gREC (EREC -V) 

Reductions in spontaneous fluctuations are due 

to conductance clamping, not rate increases. 

 

Prediction:  increased inhibition should also 

                    reduce fluctuations! 
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- strong recurrent connections  

     

- balanced excitation/inhibition  

      

- slower NMDA currents  
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