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Stimulus set An LNP model including 
divisive normalization improves 
prediction of V4 data. 

Given equal recording time,
what is the best sparseness?
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 Methods: LNP and 
 Extended Models
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      Conclusions:
Sparse sequences improve 
   estimation in V4, not V1.
Including divisive normalization 
   helps fit temporal non-linearity
   in V4 neurons.
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